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Introduction Results

RELEVANCE FIGg 1. '*C(n, y)'">C capture cross section FIG 2. MACS cross section with (right) and without (left) 23.3 keV data
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e Bayesian analysis is applied to 1) determined unknown parameters and

2) compare the evidences for each theoretical expression m Reifarth
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The *C(n, y)'>C reaction rate is reflected in the cross section: e Optimal parameters and log-evidence (logZ) calculated e Maxwellian average cross sections (MACS) at 23.3 keV: reaction rate scaled
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ABLE 1. Parameter sizes A e Evidence favors Model B over Model A
* The cross section is expressed p(0) p(D|O) . . .
ion in Q/A: p(0|D) = e More precise data at higher energy may reveal differences between B-LO
as an expansion in : Model A Model B 7 p(D) nd BLNLO
e |Low-momentum scale Posterior ——
O~40 MeV 1 1 Evidence e Future work includes Bayesian analysis of proton capture on Beryllium
e High-momentum scale P~ A P~ Q ® Priors incorporate theoretical assumptions
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